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1. Introduction to AI in Inventory Management 

Artificial Intelligence (AI) has garnered significant attention for its potential in revolutionizing 

inventory management. By leveraging AI technologies, companies can enhance operational 

efficiency, reduce costs, and improve accuracy in supply chain operations [1]. Specifically, AI 

is being developed to optimize inventory levels, forecast demand, and automate restocking 

processes, providing organizations with the capability to make informed decisions regarding 

inventory management through data analytics insights. 

Moreover, AI is a branch of computer science that focuses on creating computers capable of 

independently performing tasks that typically require human intelligence, thereby enabling 

precise and expedited issue resolution [2]. As part of AI, Machine Learning (ML) plays a 

crucial role in teaching machines to learn from datasets, enabling the creation of automated 

models to recognize hidden insights and patterns in historical data. This foundational 

understanding of AI in inventory management sets the stage for exploring its specific 

applications and benefits in the manufacturing and retail sectors. 

1.1. Overview of AI Technologies in Manufacturing and Retail 

AI technologies are revolutionizing the manufacturing and retail industries, offering a wide 

array of tools and approaches for inventory management. These technologies include AI-

based demand forecasting, predictive maintenance, and supply chain optimization systems, 

all of which are crucial for efficient inventory management [1]. For instance, AI-based demand 

forecasting utilizes machine learning (ML) algorithms to analyze historical sales data, market 

trends, and other relevant factors to predict future demand with higher accuracy, enabling 

businesses to optimize inventory levels and minimize stockouts. Additionally, AI-powered 

predictive maintenance systems can analyze equipment sensor data to forecast potential 

failures, allowing for proactive maintenance and minimizing downtime in manufacturing 
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facilities. Moreover, AI-driven supply chain optimization systems can enhance inventory 

visibility, streamline logistics, and improve overall operational efficiency in the retail sector 

[3]. 

These AI technologies are instrumental in addressing the evolving challenges in 

manufacturing and retail, such as optimizing store layouts, managing out-of-stock products 

in online grocery shopping, and maximizing pickers' efficiency in local fulfillment centers. By 

leveraging AI-based substitution recommendation engines and ML-based demand 

transference models, retailers can better satisfy customer needs, streamline picking processes, 

and increase revenue per customer. Furthermore, the integration of AI methods in local 

fulfillment centers has enabled retailers to efficiently manage the surge in online orders while 

minimizing disruptions to store operations. Overall, the overview of AI technologies in 

manufacturing and retail underscores their pivotal role in transforming inventory 

management practices and addressing industry-specific challenges. 

2. Challenges in Traditional Inventory Management 

Traditional inventory management systems are often plagued by inefficiencies and errors, 

prompting the need for more advanced solutions such as AI-based inventory management. 

The challenges within traditional inventory management systems encompass a range of areas 

including operational procurement, supply chain planning, warehouse management, and 

transportation. These challenges result in suboptimal strategies for warehouse optimization, 

day-to-day activities, costs, inventory, and transportation, necessitating a shift towards AI 

adoption [4]. 

Furthermore, the network-based structure of supply chain management and logistics 

provides a natural framework for the deployment of AI. The vast quantities of data generated 

by a network of suppliers require swift decision-making, making AI technologies highly 

recommended for the study of large data and decision support systems. AI optimizes and 

improves network orchestration efficiently and effectively, allowing for a shift from reactive 

to proactive operations and from manual to autonomous, thereby redefining current practices 

in supply chain management [5]. These insights underscore the pressing need for AI-based 

inventory management solutions in the face of the challenges posed by traditional inventory 

management systems. 
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2.1. Inefficiencies and Errors 

In traditional inventory management processes, inaccuracies and inefficiencies are prevalent, 

leading to various operational challenges for organizations. Research by Kang [6] highlights 

that manual inventory verification often reveals significant discrepancies between recorded 

inventory and actual stock quantity in retail stores. For instance, the inventory accuracy of 

Company A stores averages only 51%, with the best-performing store achieving a maximum 

accuracy of 75%-80%. Moreover, the use of AI-based inventory management solutions can 

address these issues by enabling constant monitoring of items, predicting demand, improving 

quality inspection, managing returns, automating inventory counts, and enhancing inventory 

accuracy and theft prediction. 

Furthermore, Alomar [5] emphasizes the potential of AI in optimizing supply chain 

management and logistics. AI technologies facilitate the analysis of large data sets and the 

implementation of decision support systems, contributing to swift decision-making and 

efficient network orchestration. Additionally, AI solutions enable the transformation of 

operational processes from reactive to proactive and from manual to autonomous, ultimately 

enhancing the overall performance metrics of supply chain networks. 

3. Benefits of AI-Based Inventory Management 

AI-based inventory management offers several benefits that significantly improve the 

efficiency and accuracy of inventory control processes. By leveraging AI technology, 

businesses can achieve real-time tracking of inventory, leading to optimized stock levels and 

reduced waste [1]. This is particularly valuable as it allows for better demand prediction, 

enabling improved planning and resource allocation. Additionally, AI-based systems 

facilitate faster decision-making and enhanced service levels, ultimately resulting in cost 

reductions and improved operational efficiency. 

Furthermore, AI-based inventory management can lead to personalized training for 

employees involved in inventory control processes. AI tools can intervene in the training 

process, providing customized courses based on job requirements and individual learning 

needs [7]. This personalized approach enhances the training effect, transforms corporate 

knowledge into group knowledge, and automates the process of recording training data and 

evaluating individual performance. Overall, the integration of AI in inventory management 
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not only enhances operational processes but also extends its benefits to the training and 

development of employees involved in inventory control. 

3.1. Improved Accuracy and Efficiency 

AI-based inventory management solutions offer substantial improvements in accuracy and 

efficiency across various sectors, including retail and manufacturing. One key advantage is 

the ability to optimize store layouts, shelving configurations, and planogram decisions to 

streamline customer flow and enhance the shopping experience [3]. Furthermore, AI-driven 

substitution recommendation engines can significantly improve the fulfillment process for 

online orders, thereby satisfying customer needs and boosting revenue. For instance, ML-

based approaches can estimate demand transference between products, enabling retailers to 

make informed decisions about product substitutions and enhance customer satisfaction. 

Additionally, the use of AI methods in retail as local fulfillment centers has been shown to 

maximize pickers' efficiency while minimizing the impact on store operations. 

In the realm of manufacturing, AI plays a crucial role in optimizing supply chain management 

[5]. By leveraging AI technologies, organizations can enhance stakeholder satisfaction, 

innovation, market performance, customer satisfaction, and financial success. The use of AI 

in logistics and supply chain management enables swift decision-making and efficient 

network orchestration, leading to improved performance metrics and operational 

effectiveness. Moreover, the automation of consumer interactions through AI-powered 

virtual assistants presents promising opportunities for marketing and customer support, 

offering high efficiency and satisfactory returns on investment. These examples underscore 

the tangible improvements in accuracy and efficiency that AI-based inventory management 

solutions bring to both retail and manufacturing sectors. 

4. Key Techniques in AI-Based Inventory Management 

AI-based inventory management relies on a variety of techniques to optimize processes and 

decision-making. Machine learning, a key technique, involves the use of algorithms to analyze 

data, identify patterns, and make predictions. These algorithms enable inventory managers to 

forecast demand, optimize stocking levels, and automate replenishment processes, leading to 

improved efficiency and reduced carrying costs [8]. Additionally, machine learning 

algorithms can be leveraged to recognize hidden insights and patterns within inventory data, 
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facilitating better decision-making and enhancing overall inventory management practices 

[2]. 

The significance of machine learning and its role in inventory management underscores the 

importance of understanding and applying these techniques in real-world scenarios. As AI 

continues to revolutionize the industrial landscape, the adoption of machine learning 

algorithms in inventory management is becoming increasingly vital for businesses seeking to 

enhance their supply chain operations. 

4.1. Machine Learning Algorithms 

Machine learning algorithms play a crucial role in AI-based inventory management solutions, 

particularly in forecasting and optimizing supply chain operations. Recent disruptions in 

supply chains have underscored the importance of accurate demand forecasting and efficient 

supply chain management. Reinforcement Learning (RL) algorithms are increasingly being 

adopted to enhance forecast accuracy and address supply chain optimization challenges. 

Companies like UPS and Amazon have leveraged RL algorithms to develop AI strategies and 

meet consumer delivery expectations [9]. Additionally, the OpenAI Gym toolkit has emerged 

as a preferred choice for building RL algorithms tailored to supply chain use cases. 

Furthermore, the availability of vast datasets and increased computational power has led to 

the emergence of new machine learning algorithms in the realm of AI and supply chain 

management. [10] highlights the significance of leveraging raw data to improve efficiency in 

supply chains, particularly in addressing inventory management challenges. The use of data-

driven non-parametric machine learning algorithms has been proposed to solve various 

supply chain problems, including inventory management, with the aim of maximizing service 

levels while minimizing holding costs. This underscores the pivotal role of machine learning 

algorithms in revolutionizing inventory management techniques. 

5. Real-World Applications of AI in American Manufacturing and Retail 

AI has been widely adopted in the American manufacturing and retail sectors, with real-

world applications showcasing its impact on inventory management. For instance, companies 

are leveraging AI for improved logistics, data processing, and enhancing customer service, 

ultimately streamlining operations and optimizing supply chains [1]. Additionally, AI 

technologies such as robotic process automation and intelligent robotics are transforming 
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supply chain management, contributing to growth and improved performance in the post-

COVID-19 era [2] . 

Real-life implementations of AI in inventory management have demonstrated its ability to 

handle complex decision-making and resolve intricate supply chain matters. Machine 

learning, a subset of AI, is being utilized to create predictive models based on historical data 

and human behavioral patterns, enabling firms to forecast future actions and trends. These 

practical applications of AI underscore its significance in revolutionizing inventory 

management practices in American manufacturing and retail. 

5.1. Case Studies in Large-Scale Manufacturing 

Two case studies presented in this section describe how AI-based inventory control methods 

were developed and applied in practice to manage the inventory in a large-scale 

manufacturing environment. The first case study demonstrates a practically successful 

deployment of AI-based planning in the federal government in the U.S.A. While the examples 

are those of the metal-forming process, other manufacturing processes may also experience 

the same set of problems. The metal forming process utilizes the theory of elasticity to guide 

the rapid shaping of metal pieces into high-precision structures. The cost of materials used in 

the metal-forming process is very high. The manufacturing shop floor space is limited, so 

controlling the inventory and prediction of the total required raw materials are essential. 

The second case study discussed in this section is a fabric manufacturing company with a 

multi-echelon inventory management problem. The company has a production division for 

overall production and a textile division for fabric production. Four general layouts are 

configured for storage of the raw materials and usage within the premises. The company 

wants to improve its Just-in-Time (JIT) process by using minimum storage, reduced stock 

replenishment time, and quick raw materials supply. The underlying aspect of both cases was 

modeled as a multi-echelon inventory optimization problem. The Metal-Forming Process A 

finite element method simulation is widely used for the process validation. To avoid late 

project delivery, the choice of dedicated and instantaneous raw material supply is 

unacceptable. 

6. Integration with IoT and Big Data 
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The integration of AI-based inventory management with IoT and Big Data technologies 

presents a promising opportunity to optimize inventory processes in manufacturing and 

retail. By leveraging IoT, real-time data from connected devices such as RFID tags and sensors 

can be collected to provide accurate and up-to-date information about inventory levels and 

conditions [4]. This real-time data, when combined with AI algorithms, enables predictive 

analytics for demand forecasting, proactive maintenance, and efficient inventory 

replenishment. Furthermore, the integration with Big Data technologies allows for the 

processing and analysis of large volumes of diverse data sources, uncovering valuable 

insights for inventory optimization and supply chain management [12]. 

The interconnected nature of these technologies facilitates a holistic approach to inventory 

management, enabling seamless coordination across the supply chain and enhancing 

decision-making processes. However, it is important to address the challenges associated with 

the integration, such as data security, privacy, and the complexity of implementation in real-

world scenarios. As the industry continues to explore the potential of AI, IoT, and Big Data 

integration, further research and analysis are essential to fully realize the benefits and address 

the associated complexities. 

6.1. Synergies with Internet of Things 

The synergies between AI-based inventory management and the Internet of Things (IoT) are 

increasingly shaping the landscape of supply chain management. [4] highlight the impact of 

artificial intelligence in various supply chain domains, such as operational procurement, 

supply chain planning, warehouse management, and transportation. Their research 

emphasizes the growing significance of machine learning in optimizing warehouse operations 

and day-to-day activities. Furthermore, [13] underscore the pivotal role of IoT in warehouse 

management, detailing the use of IoT devices for monitoring inventory, temperature, 

humidity, and pressure during shipping. The integration of AI and IoT technologies enables 

real-time data exchange, smart storage planning, and automated warehouse monitoring, 

revolutionizing inventory management and logistics operations. These insights underscore 

the substantial benefits and opportunities offered by the convergence of AI-based inventory 

management and IoT in the manufacturing and retail sectors. 

7. Ethical and Privacy Considerations 
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Ethical and privacy considerations are paramount in the deployment of AI-based inventory 

management solutions within the manufacturing and retail sectors. The use of AI in sensitive 

domains such as healthcare, finance, criminal justice, defense, and human resources presents 

unique challenges and moral dilemmas that require careful attention [14]. In the context of 

inventory management, data security and compliance with regulations such as the General 

Data Protection Regulation (GDPR) and the Health Insurance Portability and Accountability 

Act (HIPAA) are crucial for protecting sensitive information and ensuring ethical use of AI 

technologies. Additionally, the commercial implementation of AI in healthcare could result in 

for-profit corporations playing an increased role in obtaining, utilizing, and protecting patient 

health information, raising concerns about ongoing data security and privacy [15]. 

These considerations emphasize the need for interdisciplinary collaborations between 

computer scientists, ethicists, legal experts, and domain specialists to navigate the ethical and 

privacy challenges associated with AI-based inventory management solutions. It is essential 

for stakeholders to work together to establish trust in the use of AI, ensuring equitable, 

transparent, and auditable systems that comply with relevant regulations and prioritize data 

security and privacy. 

7.1. Data Security and Compliance 

Data security and compliance are paramount when implementing AI-based inventory 

management solutions in manufacturing and retail. Nelson, Biddle, and Shapira [16] 

emphasize the need for viewing the costs associated with data security as long-term 

investments to enable economically viable AI applications that promote social cohesiveness 

and environmental sustainability. Radanliev, Santos, Brandon-Jones, and Joinson [14] 

highlight the unique challenges and moral dilemmas in deploying AI in sensitive fields such 

as manufacturing and retail. They stress the importance of complying with regulations and 

frameworks such as GDPR and HIPAA to protect sensitive data and ensure ethical AI 

deployment. 

In the context of AI-based inventory management, ensuring data security involves 

implementing robust protocols to protect sensitive information, while compliance entails 

adhering to legal frameworks to mitigate risks and promote ethical practices. These measures 

are essential for the ethical and lawful implementation of AI technologies in the domain of 

inventory management. 
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8. Future Trends and Innovations 

The future of AI-based inventory management is poised to witness significant advancements, 

particularly in the realm of predictive analytics. As highlighted by [2] , AI, including machine 

learning, is increasingly being leveraged to develop predictive models that can anticipate 

future inventory needs and trends based on historical data and human behavioral patterns. 

This development is expected to revolutionize inventory management practices by enabling 

more precise and quicker issue resolution, as well as the handling of complex types of inputs. 

Moreover, [1] emphasizes the potential for AI to enable sophisticated autonomous solutions 

for inventory optimization, management, and remote monitoring, particularly in the post-

COVID-19 era. With AI acquiring a more significant and widespread presence in intellectual 

debate, the supply chain management domain is likely to witness a substantial impact from 

AI business practices, positioning AI as a viable technology for enhancing inventory 

management in manufacturing and retail sectors. 

8.1. Predictive Analytics 

Predictive analytics is poised to revolutionize inventory management by leveraging AI to 

forecast demand, optimize inventory levels, and enable proactive decision-making. This 

innovation aligns with the growing importance of predictive capabilities in supply chain 

management, as highlighted by [1]. Through AI and machine learning models, businesses can 

enhance their forecasting accuracy, address supply chain disruptions, and match supply with 

demand more effectively. The application of predictive analytics in inventory management is 

particularly crucial in the face of unexpected events, as it enables companies to build resilience 

and adapt to changing market dynamics [9]. 

By harnessing predictive analytics, organizations can proactively optimize their inventory, 

minimize stockouts, and streamline their supply chain operations. This aligns with the 

evolving landscape of AI-driven advancements in inventory management, positioning 

predictive analytics as a pivotal tool for driving continuous improvements in this domain. 

 

Reference: 

 



Distributed Learning and Broad Applications in Scientific Research  141 
 

 
 

Distributed Learning and Broad Applications in Scientific Research 
Annual Volume 10 [2024] 

© DLABI - All Rights Reserved 
Licensed under CC BY-NC-ND 4.0 

1. Pelluru, Karthik. "Cryptographic Assurance: Utilizing Blockchain for Secure Data 

Storage and Transactions." Journal of Innovative Technologies 4.1 (2021). 

2. Nimmagadda, Venkata Siva Prakash. "AI-Powered Risk Management and Mitigation 

Strategies in Finance: Advanced Models, Techniques, and Real-World Applications." 

Journal of Science & Technology 1.1 (2020): 338-383. 

3. Machireddy, Jeshwanth Reddy. "Integrating Machine Learning-Driven RPA with 

Cloud-Based Data Warehousing for Real-Time Analytics and Business Intelligence." 

Hong Kong Journal of AI and Medicine 4.1 (2024): 98-121. 

4. Rachakatla, Sareen Kumar, Prabu Ravichandran, and Jeshwanth Reddy Machireddy. 

"Advanced Data Science Techniques for Optimizing Machine Learning Models in 

Cloud-Based Data Warehousing Systems." Australian Journal of Machine Learning 

Research & Applications 3.1 (2023): 396-419. 

5. Potla, Ravi Teja. "Enhancing Customer Relationship Management (CRM) through AI-

Powered Chatbots and Machine Learning." Distributed Learning and Broad 

Applications in Scientific Research 9 (2023): 364-383. 

6. Singh, Puneet. "AI-Powered IVR and Chat: A New Era in Telecom 

Troubleshooting." African Journal of Artificial Intelligence and Sustainable Development 2.2 

(2022): 143-185. 

7. Sreerama, Jeevan, Venkatesha Prabhu Rambabu, and Chandan Jnana Murthy. 

"Machine Learning-Driven Data Integration: Revolutionizing Customer Insights in 

Retail and Insurance." Journal of Artificial Intelligence Research and Applications 3.2 

(2023): 485-533. 

8. Rambabu, Venkatesha Prabhu, Amsa Selvaraj, and Chandan Jnana Murthy. 

"Integrating IoT Data in Retail: Challenges and Opportunities for Enhancing Customer 

Engagement." Journal of Artificial Intelligence Research 3.2 (2023): 59-102. 

9. Selvaraj, Amsa, Bhavani Krothapalli, and Venkatesha Prabhu Rambabu. "Data 

Governance in Retail and Insurance Integration Projects: Ensuring Quality and 

Compliance." Journal of Artificial Intelligence Research 3.1 (2023): 162-197. 



Distributed Learning and Broad Applications in Scientific Research  142 
 

 
 

Distributed Learning and Broad Applications in Scientific Research 
Annual Volume 10 [2024] 

© DLABI - All Rights Reserved 
Licensed under CC BY-NC-ND 4.0 

10. Althati, Chandrashekar, Venkatesha Prabhu Rambabu, and Munivel Devan. "Big Data 

Integration in the Insurance Industry: Enhancing Underwriting and Fraud Detection." 

Journal of Computational Intelligence and Robotics 3.1 (2023): 123-162. 

11. Murthy, Chandan Jnana, Venkatesha Prabhu Rambabu, and Jim Todd Sunder Singh. 

"AI-Powered Integration Platforms: A Case Study in Retail and Insurance Digital 

Transformation." Journal of Artificial Intelligence Research and Applications 2.2 

(2022): 116-162. 

12. Venkatasubbu, Selvakumar, Venkatesha Prabhu Rambabu, and Jawaharbabu 

Jeyaraman. "Predictive Analytics in Retail: Transforming Inventory Management and 

Customer Insights." Australian Journal of Machine Learning Research & Applications 

2.1 (2022): 202-246. 

13. Althati, Chandrashekar, Venkatesha Prabhu Rambabu, and Lavanya Shanmugam. 

"Cloud Integration in Insurance and Retail: Bridging Traditional Systems with Modern 

Solutions." Australian Journal of Machine Learning Research & Applications 1.2 

(2021): 110-144. 

14. Krothapalli, Bhavani, Selvakumar Venkatasubbu, and Venkatesha Prabhu Rambabu. 

"Legacy System Integration in the Insurance Sector: Challenges and Solutions." Journal 

of Science & Technology 2.4 (2021): 62-107. 

15. Perumalsamy, Jegatheeswari, Bhavani Krothapalli, and Chandrashekar Althati. 

"Machine Learning Algorithms for Customer Segmentation and Personalized 

Marketing in Life Insurance: A Comprehensive Analysis." Journal of Artificial 

Intelligence Research 2.2 (2022): 83-123. 

16. Devan, Munivel, Bhavani Krothapalli, and Mahendher Govindasingh Krishnasingh. 

"Hybrid Cloud Data Integration in Retail and Insurance: Strategies for Seamless 

Interoperability." Journal of Artificial Intelligence Research 3.2 (2023): 103-145. 

17. Amsa Selvaraj, Deepak Venkatachalam, and Priya Ranjan Parida, “Advanced Image 

Processing Techniques for Document Verification: Emphasis on US Driver’s Licenses 

and Paychecks”, Journal of AI-Assisted Scientific Discovery, vol. 3, no. 1, pp. 516–555, 

Jun. 2023 



Distributed Learning and Broad Applications in Scientific Research  143 
 

 
 

Distributed Learning and Broad Applications in Scientific Research 
Annual Volume 10 [2024] 

© DLABI - All Rights Reserved 
Licensed under CC BY-NC-ND 4.0 

18. Deepak Venkatachalam, Pradeep Manivannan, and Rajalakshmi Soundarapandiyan, 

“Case Study on the Integration of Customer Data Platforms with MarTech and 

AdTech in Pharmaceutical Marketing for Enhanced Efficiency and Compliance”, J. of 

Artificial Int. Research and App., vol. 2, no. 1, pp. 197–235, Apr. 2022 

19. Pradeep Manivannan, Rajalakshmi Soundarapandiyan, and Chandan Jnana Murthy, 

“Application of Agile Methodologies in MarTech Program Management: Best 

Practices and Real-World Examples”, Australian Journal of Machine Learning 

Research &amp; Applications, vol. 2, no. 1, pp. 247–280, Jul. 2022 

20. Praveen Sivathapandi, Sharmila Ramasundaram Sudharsanam, and Pradeep 

Manivannan. “Development of Adaptive Machine Learning-Based Testing Strategies 

for Dynamic Microservices Performance Optimization”. Journal of Science & 

Technology, vol. 4, no. 2, Mar. 2023, pp. 102-137 

21. Priya Ranjan Parida, Chandan Jnana Murthy, and Deepak Venkatachalam, “Predictive 

Maintenance in Automotive Telematics Using Machine Learning Algorithms for 

Enhanced Reliability and Cost Reduction”, J. Computational Intel. &amp; Robotics, 

vol. 3, no. 2, pp. 44–82, Oct. 2023 

22. Rajalakshmi Soundarapandiyan, Pradeep Manivannan, and Chandan Jnana Murthy. 

“Financial and Operational Analysis of Migrating and Consolidating Legacy CRM 

Systems for Cost Efficiency”. Journal of Science & Technology, vol. 2, no. 4, Oct. 2021, 

pp. 175-211 

23. Sharmila Ramasundaram Sudharsanam, Praveen Sivathapandi, and D. 

Venkatachalam, “Enhancing Reliability and Scalability of Microservices through 

AI/ML-Driven Automated Testing Methodologies”, J. of Artificial Int. Research and 

App., vol. 3, no. 1, pp. 480–514, Jan. 2023 

24. Jasrotia, Manojdeep Singh. "Unlocking Efficiency: A Comprehensive Approach to 

Lean In-Plant Logistics." International Journal of Science and Research (IJSR) 13.3 (2024): 

1579-1587. 



Distributed Learning and Broad Applications in Scientific Research  144 
 

 
 

Distributed Learning and Broad Applications in Scientific Research 
Annual Volume 10 [2024] 

© DLABI - All Rights Reserved 
Licensed under CC BY-NC-ND 4.0 

25. Gayam, Swaroop Reddy. "AI-Driven Customer Support in E-Commerce: Advanced 

Techniques for Chatbots, Virtual Assistants, and Sentiment Analysis." Distributed 

Learning and Broad Applications in Scientific Research 6 (2020): 92-123. 

26. Nimmagadda, Venkata Siva Prakash. "AI-Powered Predictive Analytics for Retail 

Supply Chain Risk Management: Advanced Techniques, Applications, and Real-

World Case Studies." Distributed Learning and Broad Applications in Scientific 

Research 6 (2020): 152-194. 

27. Putha, Sudharshan. "AI-Driven Energy Management in Manufacturing: Optimizing 

Energy Consumption and Reducing Operational Costs." Distributed Learning and 

Broad Applications in Scientific Research 6 (2020): 313-353. 

28. Sahu, Mohit Kumar. "Machine Learning for Anti-Money Laundering (AML) in 

Banking: Advanced Techniques, Models, and Real-World Case Studies." Journal of 

Science & Technology 1.1 (2020): 384-424. 

29. Kasaraneni, Bhavani Prasad. "Advanced Artificial Intelligence Techniques for 

Predictive Analytics in Life Insurance: Enhancing Risk Assessment and Pricing 

Accuracy." Distributed Learning and Broad Applications in Scientific Research 5 

(2019): 547-588. 

30. Kondapaka, Krishna Kanth. "Advanced AI Techniques for Optimizing Claims 

Management in Insurance: Models, Applications, and Real-World Case Studies." 

Distributed Learning and Broad Applications in Scientific Research 5 (2019): 637-668. 

31. Kasaraneni, Ramana Kumar. "AI-Enhanced Cybersecurity in Smart Manufacturing: 

Protecting Industrial Control Systems from Cyber Threats." Distributed Learning and 

Broad Applications in Scientific Research 5 (2019): 747-784. 

32. Pattyam, Sandeep Pushyamitra. "AI in Data Science for Healthcare: Advanced 

Techniques for Disease Prediction, Treatment Optimization, and Patient 

Management." Distributed Learning and Broad Applications in Scientific Research 5 

(2019): 417-455. 



Distributed Learning and Broad Applications in Scientific Research  145 
 

 
 

Distributed Learning and Broad Applications in Scientific Research 
Annual Volume 10 [2024] 

© DLABI - All Rights Reserved 
Licensed under CC BY-NC-ND 4.0 

33. Kuna, Siva Sarana. "AI-Powered Solutions for Automated Customer Support in Life 

Insurance: Techniques, Tools, and Real-World Applications." Distributed Learning 

and Broad Applications in Scientific Research 5 (2019): 529-560. 

34. Sontakke, Dipti Ramrao, and Pankaj Shamrao Zanke. "AI Based Insurance Claim 

Assisting Device." Patent (2024): 1-17. 

35. Machireddy, Jeshwanth Reddy, Sareen Kumar Rachakatla, and Prabu Ravichandran. 

"Advanced Business Analytics with AI: Leveraging Predictive Modeling for Strategic 

Decision-Making." Journal of AI-Assisted Scientific Discovery 3.2 (2023): 396-418. 

36. Potla, Ravi Teja. "Hybrid Deep Learning Models for Big Data: A Case Study in 

Predictive Healthcare Analytics." Distributed Learning and Broad Applications in 

Scientific Research 10 (2024): 319-325. 

37. Sengottaiyan, Krishnamoorthy, and Manojdeep Singh Jasrotia. "Relocation of 

Manufacturing Lines-A Structured Approach for Success." International Journal of 

Science and Research (IJSR) 13.6 (2024): 1176-1181. 

38. Gayam, Swaroop Reddy. "AI-Driven Fraud Detection in E-Commerce: Advanced 

Techniques for Anomaly Detection, Transaction Monitoring, and Risk Mitigation." 

Distributed Learning and Broad Applications in Scientific Research 6 (2020): 124-151. 

39. Nimmagadda, Venkata Siva Prakash. "AI-Powered Risk Assessment Models in 

Property and Casualty Insurance: Techniques, Applications, and Real-World Case 

Studies." Distributed Learning and Broad Applications in Scientific Research 6 (2020): 

194-226. 

40. Putha, Sudharshan. "AI-Driven Metabolomics: Uncovering Metabolic Pathways and 

Biomarkers for Disease Diagnosis and Treatment." Distributed Learning and Broad 

Applications in Scientific Research 6 (2020): 354-391. 

41. Sahu, Mohit Kumar. "AI-Based Supply Chain Optimization in Manufacturing: 

Enhancing Demand Forecasting and Inventory Management." Journal of Science & 

Technology 1.1 (2020): 424-464. 



Distributed Learning and Broad Applications in Scientific Research  146 
 

 
 

Distributed Learning and Broad Applications in Scientific Research 
Annual Volume 10 [2024] 

© DLABI - All Rights Reserved 
Licensed under CC BY-NC-ND 4.0 

42. Kasaraneni, Bhavani Prasad. "Advanced Machine Learning Algorithms for Loss 

Prediction in Property Insurance: Techniques and Real-World Applications." Journal 

of Science & Technology 1.1 (2020): 553-597. 

43. Kondapaka, Krishna Kanth. "Advanced AI Techniques for Retail Supply Chain 

Sustainability: Models, Applications, and Real-World Case Studies." Journal of Science 

& Technology 1.1 (2020): 636-669. 

44. Kasaraneni, Ramana Kumar. "AI-Enhanced Energy Management Systems for Electric 

Vehicles: Optimizing Battery Performance and Longevity." Journal of Science & 

Technology 1.1 (2020): 670-708. 

45. Pattyam, Sandeep Pushyamitra. "AI in Data Science for Predictive Analytics: 

Techniques for Model Development, Validation, and Deployment." Journal of Science 

& Technology 1.1 (2020): 511-552. 

46. Kuna, Siva Sarana. "AI-Powered Solutions for Automated Underwriting in Auto 

Insurance: Techniques, Tools, and Best Practices." Journal of Science & Technology 1.1 

(2020): 597-636. 

47. Selvaraj, Akila, Mahadu Vinayak Kurkute, and Gunaseelan Namperumal. "Agile 

Project Management in Mergers and Acquisitions: Accelerating Enterprise Integration 

in Large Organizations." Journal of Artificial Intelligence Research and Applications 

2.1 (2022): 295-334. 

48. Selvaraj, Amsa, Praveen Sivathapandi, and Gunaseelan Namperumal. "Privacy-

Preserving Synthetic Data Generation in Financial Services: Implementing Differential 

Privacy in AI-Driven Data Synthesis for Regulatory Compliance." Journal of Artificial 

Intelligence Research 2.1 (2022): 203-247. 

49. Paul, Debasish, Sharmila Ramasundaram Sudharsanam, and Yeswanth Surampudi. 

"Implementing Continuous Integration and Continuous Deployment Pipelines in 

Hybrid Cloud Environments: Challenges and Solutions." Journal of Science & 

Technology 2.1 (2021): 275-318. 

50. Venkatachalam, Deepak, Debasish Paul, and Akila Selvaraj. "AI/ML Powered 

Predictive Analytics in Cloud Based Enterprise Systems: A Framework for Scalable 



Distributed Learning and Broad Applications in Scientific Research  147 
 

 
 

Distributed Learning and Broad Applications in Scientific Research 
Annual Volume 10 [2024] 

© DLABI - All Rights Reserved 
Licensed under CC BY-NC-ND 4.0 

Data-Driven Decision Making." Journal of Artificial Intelligence Research 2.2 (2022): 

142-183. 

51. Namperumal, Gunaseelan, Chandan Jnana Murthy, and Sharmila Ramasundaram 

Sudharsanam. "Integrating Artificial Intelligence with Cloud-Based Human Capital 

Management Solutions: Enhancing Workforce Analytics and Decision-Making." 

Australian Journal of Machine Learning Research & Applications 2.2 (2022): 456-502. 

52. Kurkute, Mahadu Vinayak, Akila Selvaraj, and Amsa Selvaraj. "End-to-End 

Cybersecurity Strategies for Autonomous Vehicles: Leveraging Multi-Layered 

Defence Mechanisms to Safeguard Automotive Ecosystems." Cybersecurity and 

Network Defense Research 3.2 (2023): 134-177. 

53. Soundarapandiyan, Rajalakshmi, Sharmila Ramasundaram Sudharsanam, and 

Debasish Paul. "Integrating Kubernetes with CI/CD Pipelines in Cloud Computing 

for Enterprise Applications." Journal of Artificial Intelligence Research and 

Applications 1.2 (2021): 161-200. 

54. Sivathapandi, Praveen, Debasish Paul, and Sharmila Ramasundaram Sudharsanam. 

"Enhancing Cloud-Native CI/CD Pipelines with AI-Driven Automation and 

Predictive Analytics." Australian Journal of Machine Learning Research & 

Applications 1.1 (2021): 226-265. 

55. Sudharsanam, Sharmila Ramasundaram, Gunaseelan Namperumal, and Priya Ranjan 

Parida. "Risk Management in Large-Scale Mergers and Acquisitions: Project 

Management Techniques for Ensuring Enterprise Integration Success." Journal of 

Science & Technology 3.1 (2022): 79-116. 

56. Prabu Ravichandran. “Extensive Experience in Aws Services in Develop and 

Deploying and Highly Available, Scalable and Fault Tolerant Systems”. International 

Journal on Recent and Innovation Trends in Computing and Communication, vol. 12, 

no. 2, Sept. 2024, pp. 856-64 

 

 

 


